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Abstract

The purpose of this research is to investigate the determinants of Thai individuals behavioral intention towards online fitness
program on YouTube during COVID-19 pandemic situation. The conceptual framework is presented on how effort expectancy,
performance expectancy, social influence, attitude, desire, personal innovativeness influence behavioral intention of Thai individuals.
The samples of 500 respondents were collected from online and offline questionnaires by using multi-stage sampling technique.
Stratified random sampling was used to group users in three age generation and purposive sampling and convenience sampling to
reach target respondents. The study applied the Structural Equation Model (SEM) and Confirmatory Factor Analysis (CFA) to
analyze the data and confirm goodness-of-fit of the model and hypotheses. The results of goodness-of-fit indicated the model is
consistent with empirical data and hypothesis testing results indicated that effort expectancy, performance expectancy, social influence,
attitude, desire, and personal innovativeness have a significant influence on behavioral intention. The researcher also found that social
influence, effort expectancy and performance expectancy showed significant impact on attitude as mediator of desire which also
greatly influences behavioral intention. Behavioral intention of online fitness program on YouTube users is determined by effort
expectancy, performance expectancy, social influence, attitude, desire, and personal innovativeness. Hence, fitness YouTube channel

owners are recommended to apply these instruments to enhance behavioral innovation when using online fitness program on YouTube.
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Introduction

Thai people are now more health-conscious than ever before (TTG Asia, 2021). The AIA Healthy Living Index
in Thailand has been increasing since 2011 from 57 to 67 in 2018 (AIA Group Limited, 2018). This increment
signifies that Thai people have greater satisfaction in their health and executed more in healthy activities such as
regular exercising, healthy dietary, etc. The increasing trend of healthy lifestyle can also be seen from increasing
number of other sport-related businesses in Thailand from the report of Department of Business Development,
Ministry of Commerce (2019). Data comparison from January to October in 2019 and 2018 shows that the value
of imported running shoes rose by 53.95%, sport facilities like fitness center, aerobics and yoga were increased by
2.219% and capital value of sports apparels and equipment business rose by 47.10%. Asia City Media Group study
stated that more than 77% of surveyed people in Bangkok visited a gym 2-6 times a week and some pays average
of THB 2,000 to 4,000 per month for fitness membership fees (van der Wellingthon, 2020).

In this era, health and fitness communities are sponsored by the enhancement of digital devices and technologies
and communication tools like social media and mobile applications (Dessart & Duclou, 2019). New media are
now perpetuating the fitness trend with the rising number of customers utilizing social applications to learn more
on health and fitness and monitoring purposes (Lowe, Fraser, & Souza-Monteiro, 2015).

COVID-19 is known to be highly infectious. It spread to other parts of the world rapidly including Thailand.

The chaos caused by COVID-19 has severely affected the sport industry as a result of its economic and social
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impact (Ratten, 2020). Fitness sector business and gym addicts faced a great challenge as fitness centers were
obliged to close to decelerate the spread of the COVID-19 (Destination Thailand News, 2021). Furthermore,
people will need to reduce luxury expenses in their personal budgets as a result of the negative financial impacts
of the pandemic (Leelamanit, 2020).

The COVID-19 outbreak has initiated new behavior of “Anxious about Health”. People tend to stay at home
and encouraged social distancing. Therefore, exercising at home has become the safest option, resulting in the
popularity of home wellness such as following the exercising clips on YouTube (Chaorusmeekul, 2020). People
consider YouTube channels as a substitute to the gym because these channels enabling them to train in a more
cost-effective way and they are great help in saving time or can offer more flexible schedules (Vrontis, Viassone,
Serravalle, & Christofi, 2020). YouTube is one the sites that top Thailand’s web traffic reports and considered as
the most popular site for video sharing. YouTube is ranked at the second place, following facebook, for monthly
traffic at 370 million. Thais spent an average time of 30 minutes per YouTube visit (David, 2019). There is an
80% increase in year-on-year growth in watch time on YouTube for fitness-related videos, as people at home
shifted to technology to keep up with an active lifestyle (Wang, 2020).

The objective of this study is to investigate the determinants of Thai individuals behavioral intention towards
online fitness program on YouTube during COVID-19 pandemic situation. Since COVID-19 has resulted to the
changing of exercising behavior from traditional fitness class to online fitness class, this research has focuses on
individuals behavioral intention towards online fitness program. So that the findings of this research can help the
developers of online fitness program to understand the stimulus for individuals behavioral intention, and design or
promote the fitness programs in such a manner that suitable for current situation. The determinants studied in research
conceptual framework are based on the integration of Unified Theory of Acceptance and Use of Technology
(UTAUT), Model of Goal-Directed Behavior (MGDB), Diffusion of Innovations (DOI), and previous studies to
understand the individuals behavioral intention towards information technology, which in this context of study is
online fitness program on YouTube. Hence, the proposed variables are consisting of effort expectancy, performance

expectancy, social influence, attitude, desire, personal innovativeness, and behavioral intention.
Literature Review

Behavioral Intention (BI)

Behavioral intention is the willingness of an individual to carrying out a behavior (Oliveira, Thomas, Baptista,
& Campos, 2016). Generally, as the strength of the intention to adopt proliferates, the will to carry out a behavior
also increases. In the context of technology acceptance, behavioral intention measures the actual usage of the
technology (Venkatesh, Thong, & Xu, 2016). According to the previous research, behavioral intention is
significantly influenced by several factors, including personal innovativeness and desire. In the context of adopting
new technologies across various industries like social network sites and online purchase intentions, personal
innovativeness significantly influences behavioral intentions (Dhiman, Arora, Dogra, & Gupta, 2020).

Effort Expectancy (EE)

Effort expectancy is defined as the level of effort for the usage of a system (Venkatesh et al., 2016). According
to Chaouali, Yahia, & Souiden (2016), when the users perceived that the system or technological services is
effortless, the higher chances for users to adopt the new technology. Research shows that technology which is easy

to use in the early stage has positive impact on consumer’s intentions towards utilizing it (Dhiman et al., 2020).
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Effort Expectancy was proved to have impact on users’ acceptance of wearable technology in healthcare (Gao, Li,
& Luo, 2015). Effort expectancy appeared to have a positive impact on behavioral intention, indicating that ease
of use is substantial to using golf innovation products (Seol, Ko, & Yeo, 2017). The perceived ease of use is one
the essential factor that influences user’s technology acceptance (Kim & Shin, 2015). Thus, the following
hypothesis is proposed.

H;: Effort expectancy significantly influences attitude towards online fitness program on YouTube.

Performance Expectancy (PE)

The level to which a person believes that the system usage will be able to remit better job outcome is stated as
performance expectancy (Aksoy, Alan, Kabadayi, & Aksoy, 2020). Performance expectancy is described as the
strongest determinant of attitude and behavioral intention (Chopdar, Korfiatis, Sivakumar, & Lytras, 2018; Lee,
Lee, & Rha, 2019). Performance expectancy has been examined across many industry. Kalantari & Rauschnabel
(2018) has shown that augmented reality smart glasses had benefits that could reach the perceived usefulness of
the users, hence influences on their attitude. In UTAUT, performance expectancy refers to the extent that a certain
technology is beneficial to an individual when performing an activity (Venkatesh et al., 2016). Barua & Barua
(2021) confirmed that users intent to use mobile health services if they find that the service or technology can
enhance performance in their daily work. Gao et al. (2015) has confirmed that Performance Expectancy has an
effect on user’s intention to adopt healthcare wearable devices. Therefore, the following hypothesis is proposed.

H,: Performance expectancy significantly influences attitude towards online fitness program on YouTube.

Social Influence (SI)

Social influence is the level that an individual believes on other important people’s opinion to use a particular
technology (Venkatesh et al., 2016). Research signifies that the information given by intimate ones plays a part
in raising awareness and intentions towards the technology (Dhiman et al., 2020). According to Weng (2016),
an example of social influence affecting behavioral intention in health care devices can be recommendation from
doctors. In perspective of mobile payment usage, social influence can be from one’s social surroundings, family,
friends, and colleagues that impact the usage of application (Lee et al., 2019). Slade, Williams, Dwivedi, &
Piercy (2015) has studied Near Field Communication mobile payments and reported that the effects of social
influence greatly impacted behavioral intention on the usage. Corresponding to the study by Lin & Theingi (2019)
that social influence has strong relationship on behavioral intention towards adopting and accepting mobile
commerce. Among Generation Y, social influence has resulted to be one of the determinants on users’ adoption of
mobile banking (Tan & Lau, 2016). Hence, the following hypotheses are developed.

H;: Social influence significantly influences attitude towards online fitness program on YouTube.

H,: Social influence significantly influences behavioral intention towards online fitness program on YouTube.

Attitude (AT)

Attitude is the level that a person having favorable or unfavorable judgment to carry out a particular behavior
(Aksoy et al., 2020). In other words, when the result of a particular behavior is positive, the more positive
attitude can be gained. Han & Ryu (2012) has applied goal-directed behavior model to study restaurant services
and proved that attitude was a powerful determinant influencing a revisit intention. The extended goal-directed
behavior indicated that attitude is also linked with desire (Esposito, van Bavel, Baranowski, & Duch-Brown,
2016). Some examples are the desire for online purchase of sporting goods is positively affected by the attitude

and desire on overseas travel is greatly impacted by the attitude (Chiu, Kim, & Won, 2018; Kim, Lee, Lee, &
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Song, 2012). In the aspect of environmental, the attitude of bicycle travelers has a significant impact on desire to
commute by bike (Meng & Han, 2016). Hence, the following hypothesis is formulated.

H;: Attitude significantly influences desire towards online fitness program on YouTube.

Desire (DE)

Desire is a motivation of individuals to carry out a behavior (Chiu et al., 2018). As stated by Perugini &
Bagozzi (2004), desires are personal drive that considered to be essential in the first stage of human active
behaviors, which is the factor causing the formation of intention. In mobile device sector, it was found that the
greater the desire to use mobile devices, the higher the chance of future usage intention (Kim & Preis, 2016).
Intention to use information system is driven by the perceived desirability of an individual and the outcome from
performing such behavior (Moghavvemi, Mohd Salleh, & Standing, 2016). Hunter (2006) studied the behaviors
of shopping center visitors and found that shoppers tend to go to the shopping center if they had greater desire to
visit. From these supported studies, the following hypothesis has been formulated.

Hg: Desire significantly influences behavioral intention towards online fitness program on YouTube.

Personal Innovativeness (PI)

Parasuraman & Colby (2015) has defined innovativeness for an individual tendency for adopting new
technology as a likelihood of an individual to be a pioneer or leader in technology. Personal innovativeness can
impact the behavioral intention of the users to adopt social network sites (Wijesundara & Xixiang, 2017).
Similarly to research of Oliveira et al. (2016), that higher innovativeness of user, the more likely that user would
be attracted to new technologies. Juaneda-Ayensa, Mosquera, & Murillo (2016) has proved that personal
innovativeness has an impact on omnichannel customers’ behavior through their endorsement and intention to adopt
innovations while shopping. In the research by Escobar-Rodriguez & Carvajal-Trujillo (2014), personal
innovativeness appeared to have powerful impact on the online purchase intention of low-cost carrier air tickets.
Hence, the following hypothesis is derived.

H,: Personal innovativeness significantly influences behavioral intention towards online fitness program on

YouTube.

Research Methods and Materials

Research Framework

The conceptual framework shown in Figure 1 is adapted from three theoretical models. First, the study of
Aksoy et al. (2020) verified that EE, PE, and SI significantly influences AT. Second, Dhiman et al. (2020)
examined the impact of PI on BI to adopt new social network platforms and online buying intentions. He proved
that ST has direct influence on the customers’ BI to use mobile fitness application. Third, Chiu et al.’s (2018)
research investigated the customers’ behavioral intention to buy sporting goods online by applying goal-oriented
behavior model. It was proved that AT has influences on DE and subsequently influence BI. This study aims to
examine the determinants of BI among Thai individuals towards online fitness programs on YouTube during
COVID-19 pandemic situation. The variables studied are EE, PE, SI, AT, DE and PI. In addition, the causal

relationship between each variable is investigated to reveal its impact on BI.
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Figure 1 Conceptual Framework.

Methodology

The researcher applied probability and nonprobability sampling for quantitative method study. The developed
questionnaire consists of three parts, screening question, a 5-point Likert scale to measure variables, and
demographic questions. The 5-point Likert scale is ranging from strong disagreement (1) to strong agreement
(5). Pilot testing has been conducted by the index of Item—Objective Congruence (IOC) and Cronbach’s Alpha
method to verify the reliability from the respondents. Three experts were acquired to validate the scale items under
I0C assessment and results for each item were higher than acceptable value of 0.5 (Turner & Carlson, 2003).
In addition, pilot testing of 40 sample size has been assessed for reliability by measuring Cronbach’s Alpha and
the results, showed in Table 2, were all above 0.6, thus acceptable for larger group distribution (Sekaran, 1992).
The questionnaires were then distributed online and offline to the target group of Thai individuals who have
experienced using online fitness program via YouTube, which resulted in 500 valid responses. SPSS AMOS 26.0
is used to analyze collect data through Confirmatory Factor Analysis (CFA) and Structural Equation Model (SEM).
CFA was conducted to test the convergence accuracy and discriminant validity and SEM was conducted to test the
conceptual model fit and proposed hypotheses.

Population and Sample Size

The population used in this research consists of three generations of YouTube users, Generation X who were
born during 1965-1980, Generation Y who were born during 1981 -2000 and Generation Z who were born
between 2001 and above. Referring to Hair, Black, Babin, Anderson, & Tatham (2005), the sample size of 30
to 500 is enough for most of the research. For this study, the questionnaire was distributed to 530 respondents
during January to April 2021 and 500 responses were considered eligible after screening.

Sampling Technique

The researcher used multi-stage sampling technique. The first stage is a probability sampling, using stratified
random sampling to divide sampling into three generation groups of YouTube users as stated in Table 1. As there
is no complete source of target population, population size is estimated from the number of internet users in
Thailand (Electronic Transactions Development Agency, 2020) with the ratio of Thai population age pyramid
(Thailand Board of Investment, 2021), and ratio of YouTube visit for each age group (PP, 2018). The second
stage adapted nonprobability sampling method of purposive sampling and convenience sampling to ensure that
respondents met the target group of Thai individuals that have experienced using online fitness program via
YouTube. The data was collected during January to April 2021. Questionnaires were distributed online via social
networks including Email, Facebook, Line, and Whats App Chat Application and offline via fitness centers directly
to customers and indirectly through personal trainers for further distribution to their customers. The respondents

were encouraged to share questionnaire link to their peers who met the criteria.
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Table 1 Population and Sample Size by Generation Group of YouTube Users

Internet Users YouTube Visit YouTube Visitors Allocation of
Generation Group
(Million) Percentage (Million) Sample Size
Generation Z 5.60 85% 4.76 155
Generation Y 6.55 79% 5.17 170
Generation X 7.95 67% 5.33 175
Total 20.10 15.17 500

Source: Electronic Transactions Development Agency (2020); PP (2018); Thailand Board of Investment (2021)
Results and Discussion

Demographic Factors

The 500 target respondents consist of 286 (57.1%) male and 214 (42.9%) female. There were 16
respondents in generation Z (3.2%), 357 respondents in generation Y (71.4%), and 127 in generation X
(25.4%), 11 respondents are students (2.2%), 297 respondents are employees of private and public organizations
(59.4%), 184 respondents are business owners (36.8%), and 8 respondents are employed in other occupation
(1.69%). Further, 173 respondents use online fitness program via YouTube 1 to 2 times a week (34.6%), 258
respondents use 3 to 4 times a week (51.6%), and 69 respondents use more than 5 times a week (13.8%).

Confirmatory Factor Analysis (CFA)

CFA was used prior analyzing the measurement model with SEM. The results derived from CFA indicated that
all variables items are significant with discriminant validity. As shown in Table 2, factor loading is acceptable for
goodness of fit at value higher than 0.50 and p-value of lower than 0.05 (Hair et al., 2005). Composite
Reliability (CR) is acceptable at value higher than 0.7 and Average Variance Extracted (AVE) at higher than
0.5. For AVE higher 0.4, it is acceptable if CR is higher than 0.6 (Fornell & Larcker, 1981).

Testing for discriminant validity was evaluated by computing the square root of each AVE (Fornell & Larcker,
1981) shown in Table 3. The values of discriminant validity are all greater than inter-construct correlations,
therefore, the discriminant validity is considered to be supportive. The model’s goodness of fit is also measured
by using the indicators of GFI, AGFI, NFI, IFI, CFI, RMR and RMSEA shown in Table 4. The values calculated

from adjusted model are acceptable. Therefore, the convergent validity and discriminant validity is assured.

Table 2 Confirmatory Factor Analysis Result, Composite Reliability (CR) and Average Variance Extracted (AVE)

Source of Questionnaire

Variables No. of Item Cronbach’s Alpha Factors Loading CR AVE
(Measurement Indicator)
EE Aksoy et al. (2020) 3 0.749 0.647 — 0.784* 0.757 0.512
PE Aksoy et al. (2020) 5 0.835 0.654 — 0.755* 0.835 0.504
SI Aksoy et al. (2020) 3 0.753 0.609 — 0.839* 0.734 0.486
AT Chiu et al. (2018) 4 0.751 0.630 — 0.697* 0.755 0.436
DE Chiu et al. (2018) 3 0.670 0.555 - 0.729* 0.677 0.414
PI Dhiman et al. (2020) 3 0.794 0.625 — 0.834* 0.804 0.581

Chiu et al. (2018)
BI 5 0.918 0.791 - 0.872* 0.923 0.706
Dhiman et al. (2020)

Note: *p < 0.05
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Table 3 Discriminant Validity

Correlations
Variables
EE PE SI AT DE PI BI
EE 0.716
PE 0.496 0.710
SI 0.513 0.425 0.697
AT 0.566 0.582 0.522 0.660
DE 0.548 0.500 0.536 0.629 0.643
PI 0.557 0.497 0.571 0.600 0.600 0.762
BI 0.551 0.535 0.608 0.620 0.617 0.728 0.840

Note: The diagonally listed value is the AVE square roots of the variables.

Table 4 Goodness of Fit

Index Acceptable Values CFA Values SEM Values
CMIN/DF < 3.00 (Hair et al., 2005) 1.910 1.934
GFI > 0.90 (Hair et al., 2005) 0.922 0.920
AGFI >0.90 (Hair et al., 2005) 0.901 0.900
NFI > 0.90 (Arbuckle, 1995) 0.926 0.923
CFI > 0.90 (Hair et al., 2005) 0.963 0.961
TLI > 0.90 (Hair et al., 2005) 0.956 0.955
RMSEA < 0.05 (Browne & Cudeck, 1993) 0.043 0.043
RMR < 0.05 (Hair et al., 2005) 0.027 0.029

Note: CMIN/DF = The Ratio of the Chi-square Value to Degree of Freedom; GFI = Goodness-of-Fit Index;
AGFI = Adjusted Goodness-of-Fit Index; NFI = Normalized Fit Index; TLI = Tucker-Lewis Index;
CFI = Comparative Fit Index, RMSEA = Root Mean Square Error of Approximation; RMR = Root Mean Square Residual

Structural Equation Model (SEM)

SEM verified the relationship between constructs in a model and measures falsity in the structure coefficient
(Hair, Black, Babin, & Anderson, 2010). The measurement for model fit should not be over 3 for
Chi-square/degrees—of-freedom (CMIN/DF) ratio and GFI and CFI should be higher than 0.9 (Hair et al.,
2005). The goodness of fit index is calculated and adjusted model by using SPSS AMOS version 26.
The statistical values shows in Table 4 represents a model fit.

Research Hypothesis Testing Result

The significance of each variable is assessed from its regression weights and R2 variances. The result from
Table 5 postulated that all hypotheses were supported with a significance at p = 0.05. PI has the most influences
towards BI, with coefficient of 0.540, followed by SI (3 = 0.252), and DE (3 = 0.155). EE has the most
significant influence on AT with coefficient of 0.635, followed by SI (8 = 0.204), and PE (§ = 0.190).
AT has strong impact on DE with coefficient of 0.993.

Effort Expectancy (EE) in H, has the highest influence towards attitude among Thai individuals. This finding
promotes the concept of Chaouali et al. (2016) and studies of Gao et al. (2015); Nguyen & Khoa (2019); and
Seol et al. (2017) that the ease of use and ability to enhance performance from using the technology can favorably
form behavioral intention. Secondly in H, for Social Influence (SI) which forms positive attitude towards online

fitness program on YouTube which concurring with Dhiman et al. (2020) that opinions from intimate peers can
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raise awareness and positive judgement towards the technology. The least influential factor on attitude, however
significant, is in H, for Performance Expectancy (PE). The finding of direct significance between performance
expectancy and attitudes is similar to the findings derived from Gao et al. (2015); Lee (2017); Venkatesh et al.
(2016); and Barua & Barua (2021) that when an individual perceived using a technology is beneficial and enable
to enhance their job outcome, the users are intended to develop positive attitude or judgement towards the
technology. Attitude in path H, has further influenced the desire towards online fitness program on YouTube,
which supports the finding of Esposito et al. (2016) that attitude relates to desire and Han & Ryu’s (2012) study
that favorable attitudes can create a desire for repetitive and continuance of behavior.

Among three factors that significantly influence behavioral intention, personal innovativeness or PI in H has
the highest influence on behavioral intention for Thai users of online fitness program on YouTube. This finding
strengthen the previous research of Wijesundara & Xixiang (2017 ); Juaneda-Ayensa et al. (2016); and Escobar-
Rodriguez & Carvajal-Trujillo (2014) that through the innovativeness and endorsement of the technology, it can
influence the adoption of new behavior or technology. Second influential factor towards behavioral intention is
social influence (SI) in H, that supported with the study of Ha (2018); Tan & Lau (2016); and Lee et al.
(2019) that social influence from surroundings of family and friends is one of the determinants of mobile
application adoption among Generation Y customers. Thirdly, desire in H, has a significant influence on behavioral
intention, which agrees with Moghavvemi et al. (2016); and Kim & Preis’s (2016) study that the greater the

desire or motivations, the higher the chance of future usage or behavioral intention.

Table 5 Hypothesis Result of the Structural Model

Hypothesis Standardized Path Coefficient (B) t-value Test Result
H,: AT <— EE 0.635 7.706* Supported
H,: AT <— PE 0.190 3.601* Supported
H;: AT <— SI 0.204 3.285* Supported
H,: DE <— AT 0.993 14.534* Supported
H,: BI <— DE 0.155 2.540* Supported
H,: BI «<— PI 0.540 7.550* Supported
H,: BI «— SI 0.252 3.669* Supported

Note: *p < 0.05
Conclusions and Recommendation

Conclusion

In this study, the researcher focuses on investigating the determinants of behavioral intention of Thai individuals
towards online fitness program on YouTube. The conceptual framework was developed from UTAUT, MGDB,
DOI, and empirical research to formed constructs for the study, namely, effort expectancy, performance
expectancy, social influence, attitude, desire, personal innovativeness, and behavioral intention. The data was
collected from the target group of 500 respondents via online and offline channels and analyzed for factors that
influence users’ behavioral intention. Confirmatory Factor Analysis (CFA) were used to determine validity and
reliability of the research model and SEM were used to analyze the model fit and hypothesis testing in order to

derived with the influential factors on behavioral intention.
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The research has explained the following findings. Firstly, behavioral intention towards online fitness program
on YouTube is highly influenced by personal innovativeness, which proves the diffusion of innovation theory that
innovation is a crucial element for to predict the users’ behavior on adopting a technology. It implies that although
each individual has different personal characteristics (Aroean & Michaelidou, 2014 ), majority of the respondents
are willing to try or give chances on new technology for classes or online fitness program. Hence, the fitness
program owners or developers should focus on making the content user friendly, interactive, and utilize the
innovative features of YouTube to catch interest or attraction from users for engagement. Secondly, social influence
both drives positive attitude of the users and their behavioral intention towards online fitness program. Therefore,
sustaining a positive vibe of effective and productive fitness program is crucial for the fitness program owners or
developers as it can formulate favorable opinion or word-of-mouth to their peers and social surroundings. Thirdly,
desire significantly influences behavioral intention, which desire were directly driven by attitude and indirectly
driven by effort expectancy, social influence, and performance expectancy. This finding can explain the UTAUT
and MGDB theories that the factors are significantly, although direct or indirectly, influences behavioral intention.
Therefore, the fitness program owners or developers must ensure that the program is designed for users in such a
way that is achievable both in terms of content and outcome. The overall findings indicate that the research
objective of determining persuasive factors affecting Thai individuals behavioral intention towards online fitness
program on YouTube during COVID-19 pandemic situation has been met, explainable, and supportive with
previous research papers.

Recommendation

The findings of this study revealed that all factors of effort expectance, performance expectancy, social
influence, attitude, desire and personal innovativeness has direct or indirect significant influence on Thais’
behavioral intention towards online fitness program on YouTube. Therefore, the researcher recommended to
consider these influential factors when developing the features in the online fitness program via YouTube.
The YouTube fitness channel owners such as fitness Key Opinion Leaders (KOLs), personal trainers, fitness
coaches and fitness club operators should create quality and workout contents with a variety of programs while
optimizing YouTube as the innovative tool to offer fitness programs to the target audience to obtain success in
their career or achieve organizational success. It is imperative for the owners of YouTube fitness channels to focus
on ease of use, user-friendliness with attractive workouts to enhance user experience and satisfaction such as
offering the video clips that are gripping, and require least efforts to understand and follow the steps. Moreover,
it is essential for the YouTube fitness channels to formulate positive attitude and word of mouth among users by
providing pleasant experience, measurable health improvement and achievable outcome. This can also create desire
for repetitive usage or engagement with the YouTube fitness channels.

Limitation and Further Study

This study has limitations that should be investigated for future researches. This research focuses on Thais that
have experienced using online fitness programs/classes via YouTube, thus different schemes may present different
outcome e.g. different platform of fitness channel, samples in other nationalities, level of user experience etc.
Variables studied for determinants of behavioral intention can also be extended or include mediators such as
facilitating conditions, perceived critical mass, information quality or visualization of the video clips. The extension
of study can support owners, personal trainers, fitness coaches and marketers in fitness club operators to develop

an effective online fitness channels and enable to reach the target audience.
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